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 The Open Laboratory: Limits and 
Possibilities of Using Facebook, 

Twitter, and YouTube as a 
Research Data Source 

 FABIO GIGLIETTO and LUCA ROSSI 
 University of Urbino Carlo Bo, Urbino, Italy 

 DAVIDE BENNATO  
 University of Catania, Catania, Italy 

 A growing amount of content is published worldwide every day by 
millions of social media users. Most of this content is public, per-
manent, and searchable. At the same time, the number of studies 
proposing different techniques and methodologies to exploit this 
content as data for researchers in different disciplines is also grow-
ing. This article presents an up-to-date literature review that frames 
available studies using Facebook, Twitter, and YouTube as data 
sources, in the perspective of traditional approaches for social sci-
entists: ethnographical, statistical, and computational. The aim is 
to offer an overview of strengths and weaknesses of different 
approaches in the context of the possibilities offered by the different 
platforms.  

 KEYWORDS computational social science, ethnography, litera-
ture review, methodology, social media  

 INTRODUCTION 

With the expression “social media,” we describe a varied category of Internet 
services inspired by Web 2.0 (O’Reilly, 2007) principles and enabling the 
users of the site to create and share digital contents (Kaplan & Haenlein, 
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146 F. Giglietto et al.

2010). Social network sites based on visible, interconnected, and navigable 
profiles (boyd & Ellison, 2008) belong to this category, as well as the sites 
focused on content sharing. Despite the large variety of possibilities—from 
the short 140 characters of Twitter to the video sharing of YouTube—it is 
clear that the focus of a social media is on both the users’ activities and the 
users’ relationships and social networks.

The social media success that we have been observing for a decade has 
undoubtedly boosted the online diffusion of already existing creative prac-
tices (Burgess, 2006) and has formed the background for a growing interest 
of academic research on these platforms and on the phenomena that they 
are able to host. 

This new digital scenario challenges, in a very radical way, the standard 
research practices within the social sciences, bringing an unprecedented rate 
of innovation (the Internet changes at an extraordinarily fast pace) and an 
exceptional data availability (Karpf, 2012). To meet these challenges, there 
is a new wave of studies coming from very different backgrounds—from 
computer sciences to behavioral sciences. 

While social media are undoubtedly a broad research field, it can be 
surely claimed that the contemporary scenario is composed of a small group 
of very big actors—in terms of users and daily usage—and a large number 
of minor services that are often addressed to specific communities. This 
article presents a structured, up-to-date literature review of the studies focus-
ing on three of the largest and most famous social media sites: Facebook, 
YouTube, and Twitter.

The reasons we deliberately focused on these three platforms is mainly 
related to their huge popularity among both users and researchers. YouTube, 
Facebook, and Twitter have, as a matter of fact, been studied from many dif-
ferent perspectives by many different researchers coming from various disci-
plines. The result of this success as new field of research is a wide spectrum 
of literature—albeit often confusing—coming from different scientific back-
grounds that often ignore their reciprocal existence. The aim of this article is 
therefore to attempt a first categorization of a large part of the existing litera-
ture according to a methodological perspective rooted in the sociological 
tradition.

 METHODOLOGICAL FRAMEWORK 

Using social media as a data source is a relatively new phenomenon. The 
deeply interdisciplinary nature of these studies makes it difficult to retrieve a 
complete and up-to-date literature of papers employing this approach. At the 
same time, we felt the need to frame collected papers within a more solid and 
well-known analytical framework. In fact, even if social media data  comprise 
a new phenomenon, social data—with their own large heterogeneity—have 
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 Using Social Media as a Research Data Source 147

been used by sociologists for a long time. Therefore, we rooted the classification 
of the collected papers within the traditional distinction of sociological 
methodological approaches that have been summarized by Ricolfi (1997) in 
three major groups or research methods: ethnographical approaches, statistical 
approaches, and computational approaches. These categories follow the 
traditional distinction between quantitative/statistical methods and qualitative/
ethnographic methods with the addition of the new computational methods 
that offer specific characteristics in terms of quantity and the nature of the 
data. The computational approach is different from the statistical one because 
data are not organized in a matrix of variables and cases. Data are instead 
organized in a structure that recalls more a relational database than a 
spreadsheet. This is the reason why computational approaches do not 
necessarily need the use of statistics, even if univariate or bivariate data 
representations are useful to visualize some results.

It is interesting to point out that even if this triple distinction dates back 
to the sociological tradition, it has recently been used—in a simpler form—to 
summarize the sociological research at large according to a scale defined by 
the depth of the analysis (high for ethnography and low for statistical 
approaches) and by the replicability of the scientific observations through 
time (high for statistical approaches and low for ethnography; Aharony, 
2011). Therefore, due to the flexibility of this schema, we opted to use it as 
a common framework to describe the most relevant studies for every 
platform. 

 PLATFORMS, USERS’ EXPERIENCE, AND 
DATA ACCESS POLICIES 

Since the three platforms under examination expose data in a very different 
way, thus offering different user experiences and possibilities to researchers, 
it is necessary, before digging into the literature review, to provide an intro-
duction on the characteristics that differentiate YouTube, Twitter, and 
Facebook under this perspective. This is of utmost importance because plat-
forms matter both on the side of the social practices that are able to host and 
on the side of the research opportunities that offer to the researchers. 
Speaking of social media research sui generis with no connection to real-
world platform makes, nowadays, very little sense.

YouTube is the most important video-sharing platform with 800 million 
users monthly, 4 billion videos viewed daily, and 60 hours of video uploaded 
every minute (YouTube, 2012). These numbers make YouTube the third 
website in the world based on traffic (Alexa, 2012). The user experience 
consists mainly in viewing videos. The videos can be found using the inter-
nal platform search engine, subscribing to a specific channel, or following 
links shared in other social networks (Facebook, Twitter). Users’ interaction 

D
ow

nl
oa

de
d 

by
 [L

uc
a 

Ro
ss

i] 
at

 1
3:

20
 0

7 
D

ec
em

be
r 2

01
2 



148 F. Giglietto et al.

can range from video production to passive video viewing to video com-
menting or sharing (Burgess & Green, 2009). Therefore, the final user experi-
ence is different if the user is a content producer or a passive viewer 
(Cormode, Krishnamurthy, & Willinger, 2010). However, on a general level, 
it is possible to distinguish three different forms of interaction: audience 
interactions, social interactions, and platform interactions. Audience interac-
tions can be measured by using metrics such as exposures—how many 
times a video or a channel is viewed. Different metrics are used to measure 
social interactions: number and type of comments posted by registered users, 
likes received by the video, or channel subscriptions. Platform interactions 
are measured by different kinds of information that are possible to enter 
when a video is uploaded (metadata): title, date, ID, tags, uploading account, 
description, category, copyright license, and so on. These pieces of informa-
tion are used in different ways. One way they are used is in selecting which 
videos to analyze (e.g., the number of visualizations for choosing the most 
viewed videos). Another way is as contextual information for building social 
behavior patterns (e.g., strategies used in tagging). For these reasons, starting 
from the same data, every study that is using YouTube as its main data 
source can plan a brand new research strategy combining different metrics.

While YouTube was pushing the web into the online video era, Twitter 
introduced a text-only service that faced, since its early days, a worldwide 
success: microblogging. Born in 2006, Twitter reached the number of 340 
million Tweets per day in 2012 (Twitter, 2012) and is now ranked as the 
eighth most visited website worldwide (Alexa, 2012). This result, in terms of 
number of users, rapidly produced a large volume of scientific research. 
This indisputable success of the Twitter platform among the research 
community, as well as its diffusion among third-party developers, can largely 
be explained by its data availability and structure. These data have always 
been freely available, public by default, mainly textual, and easily 
understandable. Additionally, free and public Application Programming 
Interface (API)-based access to the data has been available to developers 
and to skilled researchers since the launch of the platform, and, more 
recently, commercial services started selling specific portion or subset of 
Twitter data. Information available through Twitter API is of a very simple 
nature: It can be about the tweets or it can be about the users. Information 
about the tweets are the textual content of the tweet itself, time and location 
of its production, and the relational nature of the messages (whether there 
are replies to other messages or retweets of a previously produced message). 
Besides message-related information, user specific information is available: 
user name, user self-declared1 location, the list of the users followed by the 
user, and the list of the users following the user. Despite its apparent 
simplicity, these sets of information can be combined in order to provide 
useful data on many aspects of Twitter usage—from posting topics and 
strategies to the establishment and the evolution of Twitter communities. 
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 Using Social Media as a Research Data Source 149

This data availability produced a large amount of research that can be sorted 
using the methodological schema we are adopting in this paper: ethnographic, 
statistical and computational. It is interesting to point out that these research 
approaches were not concurrent but followed a clear pattern representing 
the various scientific backgrounds currently involved in Twitter research. 
This led to an order of research approaches that is most likely different from 
those we are describing for the other platforms. While in many research 
fields related to online social activities, ethnographic approaches have 
predated statistical and, especially, computational approaches; in the 
“Twitter field,” computational approaches appeared first, as can be observed 
by the venues or by the authors of the very first academic research on the 
topic (Huberman, Romero, & Wu, 2008; Java, Song, Finin, & Tseng, 2007).

With more than 900 million monthly active users worldwide and more 
than 500 million daily active users at the end of March 2012 (Facebook, 
2012), Facebook is the most popular social medium in the world. One of the 
reasons for this worldwide success is the sense of protection, mainly devel-
oped during the early stages when the platform was open to selected col-
leges only ( Joinson, 2008), experienced by users sharing their content with 
their bound community of “Friends” (boyd & Ellison, 2008). For this reason, 
Facebook managers devoted a growing amount of attention to developing a 
set of privacy settings and, more recently, to making these settings more 
usable (boyd & Hargittai, 2010). Despite that, recent research on Facebook 
privacy settings discovered that there is still a large gap between users’ 
expected level of privacy and actual levels of access to their contents (Liu 
et  al., 2011). Discussing the social implications or effectiveness of the 
Facebook strategy is beyond the scope of this article. However, the complex-
ity of Facebook privacy settings deeply affects the extent and the type of 
data actually accessible to researchers. While most of the information is pri-
vate by default in personal profiles, on pages—special profiles intended for 
organizations, public figures, and brands—information is publicly available. 
More recently, this simple distinction was blurred by new platform develop-
ments that allow the user to choose, on a post-to-post basis, the intended 
audience (some or all Friends or Public).

 ETHNOGRAPHICAL APPROACHES 

On a wide perspective, the ethnographical approach focuses on social mean-
ings inferred by the researcher from the content intended as a unit of analy-
sis. As an instance, YouTube videos usually define particular communities 
(e.g., the v-loggers in Griffith & Papacharissi, 2010) producing specific contents 
for the members of a community. 

Studies following the ethnographical approach share common recog-
nizable features. The group of units analyzed is usually small, with 
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employment of different qualitative techniques, and usually a research design 
based on multiple methods or triangulation techniques.

There are different researchers—though not a great number of them—
using ethnographic approaches, showing the potential of media ethnogra-
phy when applied to YouTube (Lange, 2007; Rotman, Golbeck, & Preece, 
2009). One of them is focused on a single video from the account Geriatric1927 
whose title is “Teenagers and Drugs” (Harley & Fitzpatrick, 2009). By using 
a specific interpretive framework (multimodal interactional analysis: Norris, 
2004) and different research techniques (conversation analysis audio tran-
scription, transcription of nonlinguistic aspects of dialogues), applied also to 
the video responses it generates, the authors suggest that YouTube is mainly 
a social broadcast medium. 

More recently than the attempts to describe the topological aspects of 
Twitter network, many researchers started to focus on the communicative prac-
tices of the platform, aiming at describing what kinds of social interactions were 
made possible by the exchange of simple 140-character-long text messages. 
These studies have been based both on quantitative-computational approaches 
(Huberman, Romero, & Wu, 2008) and on qualitative and often ethnographic 
approaches (Marwick & boyd, 2010). They have also provided precious insights, 
not only about the distribution of contacts and tweets but also on the tweeting 
and retweeting strategies of users, as well as their perception of their “invisible” 
audiences (boyd, 2008). Twitter research, even when it was mainly designed as 
an ethnographic investigation, has often been based on a computer-assisted 
data collection supported also through many freely available online tools that 
allowed one to retrieve and download Twitter messages. 

The attempts of employing ethnographical approaches to data retrieved 
from Facebook tend to focus on small samples of “Friends” or public con-
tents. The already-mentioned distinction between profiles and pages is 
important to understanding why this approach is not common among 
researchers. On the one hand, studies based on “Friends” profiles (boyd, 
2008) tend to be biased and to produce results difficult to generalize. On the 
other hand, dealing with public contents (pages and groups) quickly 
increases the amount of data to analyze therefore discourages approaches 
based on in-depth observations. Nevertheless, the range of possibilities 
opened up by the analysis of content shared by users and organizations is as 
varied as the kinds of studies enabled. For instance, it is possible to analyze 
posted links pointing to online news articles in order to understand how a 
grass-roots agenda of topics can develop among a community of friends 
(Baresch, Knight, Harp & Yaschur, 2011).

 STATISTICAL APPROACHES 

Within the statistical approach, the reference model is the variable by 
cases data matrix, in which a single content (or a user) is the unit of 
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analysis, and it is part of a sample extracted from the population of 
contents (or users). 

Speaking about YouTube, the video is considered a trace of a social 
behavior, a way for accessing meanings of a community. For this reason, the 
video is not important per se, but in relation to the information it provides 
on the community it belongs to. Features of these studies are the use of sam-
pling techniques and the use of content analysis (coded by humans or some-
times automatically by the computer). There are numbers of researchers 
using this approach, for example, the study by Bal, Campbell, Payne, and Pitt 
(2010) on mapping conversations around political spoof videos. In this study, 
researchers used a text analysis software (Leximancer) applied to the com-
ments posted on three different political spoof videos, defining topics and 
words used by the commenting viewers in order to measure the sentiment 
of the audience.

Many researchers on Twitter used what can be defined as a computa-
tional supported statistical approach to sample the users’ messages by acquir-
ing—through the use of the public API—a Twitter-provided sample of the 
messages published on the public timeline (Honeycutt & Herring, 2009). 
While researchers moved into the Twitter world, the wide diffusion of Twitter 
as a social platform led to the emergence of unexpected social phenomena 
that found on this social network site a perfect sociotechnical environment 
able to host them. In just a few years, Twitter became a digital space where 
public issues could be discussed, critical information could be shared during 
natural disasters, and TV shows could be commented on by and with their 
fans. This user-led evolution of the platform produced a wave of studies 
focused on these phenomena with a closer perspective (Bruns, 2011; Rossi, 
Magnani, & Iadarola, 2011; Wohn & Na, 2011). These studies constitute the 
starting point for a more comprehensive understanding of the Twitter dynam-
ics and of the wide range of social interactions that emerged from the plat-
form, providing as well some interesting categorizations of these phenomena 
and of their Twitter-based characteristics. Thanks to the growing number of 
ad hoc studies and case studies, we now know that crisis events have com-
munication patterns quite different from media events and that different 
actors are involved (Bruns, 2011). The study of Twitter usage during natural 
disasters has been particularly interesting and dates back to the early work 
of Earle (2010), which describes how the Twitter-based report of an earth-
quake experience provides a powerful tool to supplement instrument-based 
techniques in a quake’s location and magnitude evaluation. Another impor-
tant part of Twitter-based research—usually carried out with mixed 
 computational supported ethnographic or statistical methods—is related to 
its political use. Following a series of political elections in 2009 and 2011, 
studies focused on describing how the politics were changed by the conver-
sations taking place on the microblogging service (Bruns & Burgess, 2011) 
or whether Twitter itself could be used as a viable predictive tool to forecast 
the electoral outcomes ( Jungherr, Jurgens, & Schoen, 2011; Lassen & Brown, 

D
ow

nl
oa

de
d 

by
 [L

uc
a 

Ro
ss

i] 
at

 1
3:

20
 0

7 
D

ec
em

be
r 2

01
2 



152 F. Giglietto et al.

2010; Tumasjan, Sprenger, Sandner, & Welpe, 2010). These new approaches 
took a step forward toward the study of Twitter as a widely adopted social 
media and part of a larger media ecology. This is well beyond the studies 
aiming at describing Twitter as a network, and it places Twitter as a normal 
part of the contemporary media scene. When Lassen and Brown (2010) tried 
to use Twitter to predict electoral results, the basic underlying assumption 
was that Twitter was diffused enough within the politically active part of the 
society that a large-scale analysis of Twitter political communication could 
have represented a sample of the whole society. This should make clear the 
shift from a research approach focused on the whole Twitter network to an 
ad hoc social phenomenon-driven approach.

As opposed to Twitter, a stream analysis of public contents shared on 
Facebook is almost worthless since the great majority of users tend to share 
contents with their “Friends” only. 

Most of the distinctions between profiles and pages also apply when 
dealing with statistical approaches to contents (posts, photos, videos, links, 
and activities) shared on Facebook by users or organizations. Retrieving 
and analyzing pages and group contents enables studies focused on spe-
cific organizations such as nonprofits (Waters, Burnett, Lamm, & Lucas, 
2009) or political groups (Woolley, Limperos & Oliver, 2010). These studies 
often employ a statistical approach based on content analysis and are a 
reasonable follow-up of studies based on the analysis of pages and groups 
meta-information.

Profile meta-information is all the data available in the profiles’ “about” 
and “favorites” sections. These sections contain information such as the user’s 
list of “Friends,” birthday, relationship status, family relationships, work, and 
education, as well as liked pages, music, books, movies, and so on. While in 
personal profiles these data are shared, by default, to “Friends” only, on pages 
and graph-enabled websites (e.g., webpages exposing the “like” button), this 
information (e.g., the number of users who liked a page or page description) 
is public. This crucial dissimilarity made Facebook pages and graph-enabled 
websites a viable target for studies on news dissemination (Lifshits & Clara, 
2010) and brand engagement performances or popularity (Caren & Gaby, 
2011; Lovari & Giglietto, 2012). Accessing most of the meta-information on 
personal profiles requires one to be a “Friend” of the subject. Once accepted 
as a “Friend,” it is possible to study disclosure strategies (Kolek & Saunders, 
2008) and user preferences and ego networks (Hogan, 2008). 

 COMPUTATIONAL APPROACHES  

The computational approach is typical of the computer sciences, but when it 
is applied to social media, it provides interesting information for social scien-
tists (Manovich, 2008). Within this approach, any software object expresses 
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something about the users of the platform or the platform itself, and also 
helps to understand some properties that otherwise would not be directly 
observable. Studies based on computational approaches share common fea-
tures: big or enormous data collection, a web services-based approach (e.g., 
Tubekit, Tubemogul: Shah, 2010), an Application Programming Interface 
(API) manipulation approach, the attempt to model the results (e.g., accord-
ing to a power law model, or by the analysis of the graph structure). The 
studies based on a computational approach could be further classified: Those 
employing a web services approach often belong to the community of social 
scientists, due to the simpler use of these platforms in data collection and 
analysis, whereas those studies using the API manipulation approach belong 
to the computer scientist community because of the skills of computer pro-
gramming that are needed for interacting with the platform through the API. 
The API manipulation is important because in this way it is possible to collect 
a great amount of data and to build a database with much information and 
metadata about the focus of the research. Although a growing number of 
social scientists are now using this approach thanks to the growing success of 
the so-called digital methods (Rogers, 2009), so far computer scientists have 
provided the major contributions from a pure computational perspective. An 
example of this approach is the study of Wallsten (2010) on the “Yes we can” 
viral video produced by Will.I.Am of the hip hop group The Black Eyed Peas. 
This study argues that bloggers and other Obama campaign supporters played 
a crucial role in convincing people to watch the video and attract the interest 
of the media mainstream. This research used Tubemogul web service to col-
lect the data of total exposures and to create a viral model of the video. 
Another study on the popularity of YouTube videos (Chatzopoulou, Sheng, & 
Faloutsos, 2010) used YouTube’s API to build a crawler for collecting different 
data in a database of 37 million videos to create a model of popularity of most 
viewed videos. An interesting result of this research is the “magic number” 
400: A video receives one comment, one rating, and is added to someone’s 
favorite list once for every 400 times it is viewed.

As previously stated, the disposal of public API makes Twitter data 
available to a large and growing number of researchers with some basic 
programming skills. In fact, many of the first studies on the topic are charac-
terized by a computer science background and focused on the analysis of 
the network structure and on its topological characteristics studying the 
Twitter network as a whole. Within this perspective in their opening work, 
Java, Song, Finin, and Tseng (2007)—starting from a sample of 76,177 users—
described Twitter’s network structure, geographical distribution, and interac-
tion between users. These studies were made possible by the relatively small 
size of the Twitter network at that time and have subsequently become less 
frequent, mainly due to both the growing size of the Twitter network—now 
140 million daily users (Twitter, 2012)—and the consequent limits to data 
acquisition. Although we can still find recent studies regarding the global 
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structure of the Twitter network (Wu, Hofman, Watts, & Mason, 2010), it has 
become apparent that these studies should be integrated with specific analy-
ses of local phenomena that are not always visible at a whole network level 
of observation but still constitute the essence of the Twitter communication 
experience from the point of view of the users.

For the very same reason, the studies on Facebook whole-network 
structures are rare and always based on a data set provided by Facebook 
itself. Analyzing a large networks structure is often computationally challeng-
ing, and the results of these studies provide an abstract overview of users’ 
behavior both in bonded communities (Lewis, Kaufman, Gonzales, Christakis, 
& Tastes, 2008) or entire countries (Traud & Mucha, 2011). Also, concerning 
stream analysis of public contents, the most interesting studies are made in 
partnership with Facebook itself (see the recent agreement between the 
Politico website and Facebook, which focused on the sentiment analysis of 
posts mentioning the candidates of the 2012 U.S. Republican primary elec-
tions). Although stream-based studies could be carried on with traditional 
manual-coded content analysis, the amount of data collected suggests instead 
the use of computational techniques.

Gaining access to meta-information for non-“Friends” requires the 
development of ad hoc Facebook applications such as the one described by 
Rauber and Almeida in their essay on users’ privacy awareness (2011). An 
explicit informed consent of the subject is enforced by the platform and 
required by the standard norm of research ethics.

 DISCUSSION AND CONCLUSIONS 

Due to the complexity and heterogeneity of the described approaches, it is 
often challenging to classify a study within one of the categories of the meth-
odological frames we have adopted. A classical distinction between ethno-
graphic and statistical approaches, even if complemented by computational 
methods, is hardly able to describe all the ways in which social media data 
can be used to understand online users’ behaviors. 

The digital nature of the data, along with the amount of information 
available, makes the computational approach the most suitable way to col-
lect it. Nevertheless, once data have been gathered, they can be analyzed 
with either a quantitative or a qualitative approach, depending on the 
research questions and strategies. Content analysis based on manual coding 
of “big data” is particularly hard because the amount of data makes the pro-
cess extremely time-consuming. At the same time, sampling this data is also 
challenging because in most of the cases the distributions are extremely 
skewed (e.g., few extremely active users and a long tail of far less productive 
users). Under this perspective, although not yet perfect, the advances in the 
field of automatic semantic analysis appear to be promising, especially when 
used as a screening technique aimed to support manual coding. 
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Within this scenario, mixed methods approaches are often the most 
promising but the least frequently used. Although the amount of work 
required by these approaches may be an issue, a more pressing issue is the 
necessary collaboration among scholars coming from different backgrounds 
required by mixed methods approaches. 

On the one hand, social scientists embracing social media as a data 
source for their studies need to gain a general understanding of the plat-
forms from both the technical and the cultural point of view. This basic 
knowledge about the platform could be acquired by being part of the com-
munities hosted by the platforms. This very first step is required not only for 
ethnographical approaches, where knowledge about the setting is somehow 
mandatory, but also for statistical and computational ones. 

On the other hand, a researcher’s background still matters when it 
comes to data interpretation. Even when research areas are similar, the per-
spective of analysis can be very different. When computer scientists look for 
online communities in social media, they usually adopt a graph mining 
approach to detect communities, which is, de facto, a direct evolution of 
graph clustering techniques (Leskovec et al., 2008) but is this a proper for-
malization of the sociological concept of community? Alternatively, many of 
the recent studies on online communities (Baym, 2007) coming from social 
scientist scholars still lack the level of formalization necessary to make the 
concepts suitable to be used in computational approaches to “big data” 
(boyd & Crawford, 2012; Wellman et al., 2002).

The literature review proposed in this article clearly points out a need to 
develop studies carefully designed to take advantage of a mixed methods 
approach including ethnographic, statistical and computational methods. 
However, the methodological skills required often exceed the traditional cur-
riculum of social scientists. There is therefore a strong need for collaboration 
among scientists coming from different backgrounds in order to support studies 
that combine broad perspectives with in-depth and effective interpretations. 

 NOTE 

 1. The location field can be used both to communicate the user’s real geographical coordinates using 
global positioning system (GPS)-enabled devices and to state more generic information (like the name of 
the country) or even to convey sarcastic or political messages, as noted by some recent studies (Takhteyev, 
Gruzd, & Wellman, 2011). 
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